The dataset contains estimates of gender wage gap (GWG) for hourly wages using various methodological approaches for multiple countries over time. 
Data source employed for estimations of GWG: EU-SILC, waves 2004-2013. 
For each country and year, sample was limited to persons aged 16-65 that were employed full-time during the last 12 months, had only one job, and the following other variables were available: information on yearly income from dependent employment and hours usually worked, age, gender, marital status, education, place of residence, occupation, industry, firm size, presence of children in the household, presence of other earner in the household, presence of non-earned income in the household.
Variables:
· country: string variable indicating for which country the GWG estimate applies. Countries covered: AT (Austria), BE (Belgium), BG (Bulgaria), CZ (Czechia), DE (Germany), DK (Denmark), EE (Estonia), ES (Spain), FI (Finland), FR (France), GR (Greece), HU (Hungary), IT (Italy), LT (Lithuania), LV (Latvia), NL (Netherlands), PL (Poland), PT (Portugal), RO (Romania), SE (Sweden), SI (Slovenia), SK (Slovakia), UK (United Kingdom);
· year: numerical variable indicating for which year the GWG estimate applies. Variable takes values between 2003 and 2012, as the EU-SILC waves 2004-2013 for most of mentioned countries contain information for 2003-2012. This is due to the fact that income reference period is the previous calendar year. The only exception among mentioned countries is the United Kingdom where income reference period is the current year. For most countries GWG estimates for years 2004-2012 are available. For Austria, Belgium, Denmark, Estonia, France and Sweden estimates are available already for 2003. For the United Kingdom estimates are available from 2005. For Bulgaria, Latvia, and Romania estimates are available from 2006. 
· method: string variable indicating the method used for estimation of the GWG, and point of the distribution at which the gap was estimated (if different than the mean). “blin” stands for Blinder (1973) method, “oaxa” for Oaxaca (1973), “sloc” for Słoczyński (2013), “cott” for Cotton (1988), “reim” for “Reimers (1983), “fort” for Fortin (2008), and “neum” for Neumark (1988). Those are parametric methods that differ regarding the counterfactual wage assumed. “hblin”, “hoaxa”, “hsloc”, “hcott”, “hreim” stand for parametric approaches with Heckman (1979) correction for selection from active into full-time full-year employment (information on presence of children/other earner/non-earned income in the household used as exclusion criteria). “jmp25”, “jmp50”, and “jmp75” stand for Juhn, Murphy, and Pierce (1993) method at the 25th, 50th, and 75th percentile of wage distribution. In each case multiple counterfactual wage structures are assumed, thus the full names are e.g. “jmp25_blin”. The same logic applies to names standing for Recentered Influence Functions, “rif”, method of Firpo, Fortin, and Lemieux (2009) that are also estimated at 25th, 50th, and 75th percentiles and with multiple counterfactual wage structure assumed. “dflm”, “dfl25”, “dfl50”, and “dfl75” stand for estimates with method of DiNardo, Fortin, and Lemieux (1996) at the mean, and at the 25th, 50th, and 75th percentile. “nopo” stands for Nopo (2008). In reweighting method of DiNardo, Fortin, and Lemieux (1996), and matching decomposition of Nopo (2008) the males’ wage structure is treated as non-discriminatory.
· set: methods from the variable methods were applied to different sets of controlled characteristics. The following sets were distinguished: "basic" stands for set of demographic and human capital variables only, and includes controls for age, education, marital status, and the degree of urbanisation in the place of living; "ind" stands for basic set plus the controls for the industry, "ind2" stands for set of characteristics that covers basic set plus industry and firm size controls; "occ" covers basic characteristics plus occupation dummies; "indocc" stands for set of controls for basic characteristics plus industry and occupation controls; "ind2occ" is the set that covers all available characteristics. 
· gwg: numerical variable that indicates the estimate of the adjusted gender wage gap for given country, in given year, under given methodological approach, and with given set of characteristics controlled. For each country in given year, there are 318 estimates of the GWG. 
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